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2 Salient object detection
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> Pyramid pooling module
¢ Cross Entropy (CE)
7 Class imbalance
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! End-to-End

2 Skip connection

3 Atrous convolution

4 Holistically-nested side-way output
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4 Fully convolutional networks
> Multi-task learning
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! Multi-layer perception
2 Object proposals
3 Flattening
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® Intersection over Union
7 Building block

8 Backbone network

° Encoder
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! Salient object subitization

2 Image captioning

3 Foreground contour detection

# Intersection over union (loU) loss
3 Structural Similarity
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@ Feature Aggregation Module (FAM)
@ Pyramid Pooling Module (PPM) ]}

Global Guiding Flows (GGFs)
Global Guidance Module (GGM)
P
R Res2Net Module (RM)

Backbone Network
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! Feature pyramid networks
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Residual Block (RB)
Feature Aggregation Module (FAM)

Pyramid Pooling Module (PPM)
Global Guiding Flows (GGFs) ]:I

Global Guidance Module (GGM)

Edge Detection Module (EDM)

R Res2Net Module (RM)

Backbone Network
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