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Fig. 1. Map of Tabriz plain and location of Tabriz WWTP south of Aji Chay and west of Tabriz city.
Color represents elevation (m).
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Fig. 2. Schematic diagram of Tabriz WWTP processes.
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Table 1. Correlation coefficients between influent and effluent parameters.
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Fig. 3. Phase velocity dispersion curves for a steel pipe with outer diameter of 220 mm and
wall thickness of 4.8 mm
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Fig. 4. Schematic diagram of the proposed methodology.
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Table 2. Results of BODeff and CODeff predictions by single models of FFNN, ANFIS, SVR, and ARIMA.
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Daily effluent BOD values (Normalized)
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Table 3. Ensemble modeling results to predict BODeff and CODeff parameters
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""" Observed daily effluent COD values (Normalized)
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